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Abstract: We quantified pine-forested habitat suitable for Red-cockaded Woodpecker Picoides borealis in the former historic range of the 
species to assess the potential for possible re-colonization.  We used a remotely-sensed image and geographic information systems (GIS) to 
create a land-use/land (LU/LC) binary cover map, from which we calculated the habitat suitability index (HSI) based on an estimated home 
range of 50ha.  A sensitivity analysis revealed the necessity for more data to make an accurate estimate, but our analysis of landscape 
metrics indicates more than 930ha of suitable habitat patches.  These patches are heavily fragmented and mostly located on private lands.  
They can be assessed for understory and herbaceous vegetation and can be restored for possible re-establishment of approximately 18 
groups/colonies of Red-cockaded Woodpeckers.
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INTRODUCTION

Red-cockaded Woodpecker Picoides borealis is Near 
Threatened (BirdLife International 2013) and nationally 
an endangered species (USFWS 2014).  The bird is 
endemic to mature pine forests of the southeastern 
United States, which once extended from Florida to 
New Jersey and as far west as Texas, reaching inland to 
Oklahoma, Missouri, Kentucky and Tennessee (Ligon 
1970; Jackson 1971; Ferral 1998; USFWS 2005).  During 
the early 19th century the wide spread of agriculture and 
timber harvesting led to severe habitat degradation and 
substantially reduced the woodpecker habitat range, 
which is currently scattered north from Florida to Virginia 
and west to southeast Oklahoma and southeastern 
Texas.  The species is no longer found in New Jersey, 
Maryland, Tennessee, Missouri and Kentucky, while in 
southeastern Texas birds are mostly found in national 
forests of Angelina, David Crockett, Sabine and Sam 
Houston, but not in Big Thicket National Preserve (Conner 
& Rudolph 1995).  The drastic reduction of mature pine 
forests coupled with modern forestry practices such as 
a reduced timber-rotation period and fire suppression 
proved detrimental to woodpecker populations, and 
the species was listed as endangered in 1973 (Hooper 
et al. 1980; Conner & Rudolph 1989, 1991, 1995; Costa 
& Walker 1995). 

Red-cockaded Woodpeckers are habitat specialists 
that require large, old and living species of Longleaf 
Pinus palustris, Shortleaf P. echinata, Loblolly P. taeda, 
Pond P. serotina and Slash P. elliotii pine, preferring 
Longleaf Pine for nesting and foraging (Hooper et al. 
1980; Jackson 1994; Hedrick et al. 1998; Conner et al. 
2004).  The optimal tree age varies with species, i.e., 80–
100 years for loblolly and shortleaf pine and 100–120 
years for Longleaf Pine with enough heartwood space 
to support cavity chambers and little or no mid-story 
hardwood vegetation (Hooper et al. 1980; Conner et al. 
1994; Hedrick et al. 1998).  Natural or prescribed fires 
controlled the mid-story overgrowth for decades and 
the result was open, park-like mature pine woodlands 
and savannahs with abundant herbaceous ground cover 
that provided an ideal habitat for these birds.  Besides 
age, the potential cavity tree has high rates of Red-
heart Fungal Phellinus pini infection that softens the 
heartwood and facilitates cavity excavation (Conner 
et al. 1976, 1994, 2004; Conner & Locke 1982; Hooper 
1988; Walters 1990). 

A colony or cluster is a collection of two to >12 cavity 
trees in 5–10 acres (approximately 2–4 ha) of land, and 
the cavity trees are normally located within a one-mile 

radius from each other (USFWS 2005).  A single colony 
has two to nine birds, with one breeding pair and the 
rest helpers.  A suitable foraging habitat or territory 
surrounds a colony and covers an area of 30 to 81 
contiguous hectares (75–200 acres) of park-like mature 
pine stands (Hooper et al. 1982; Jackson 1994).  Thus 
only contiguous open stands of mature longleaf and 
other pine species with herbaceous ground cover offer 
high quality habitats for Red-cockaded Woodpeckers 
(Conner & Rudolph 1991). 

Few studies exist on the use of geographic 
information systems (GIS) and remote sensing to study 
the habitat of Red-cockaded Woodpeckers.  Thomlinson 
(1993) used GIS, remote sensing and landscape ecology 
to study ecological characters of suitable pine stands 
in southeastern Texas.  Cox et al. (2001) evaluated 
GIS methods that were used to assess Red-cockaded 
Woodpecker habitat and cluster characteristics.  Ertep 
& Lee (1994) used GRASS to facilitate Red-cockaded 
Woodpecker management at Fort Benning Military 
Reservation.  Another recent study by Santos et al. 
(2010) reports the use of remote sensing based on 
hyperspectral imagery to study tree senescence in Red-
cockaded Woodpecker habitats.  They used reflectance 
properties of the bands to detect senesced pine trees 
and found Red-cockaded Woodpeckers did not inhabit 
such trees.  We utilized GIS and remote sensing 
techniques to study the spatial distribution of pine forest 
in one of the former historical ranges of Red-cockaded 
Woodpeckers (southeastern Texas) and to assess 
suitable habitats.  We also used habitat suitability index 
(HSI) models and FRASGSTATS to evaluate or quantify 
species-habitat relationships. HSI models provide a 
quantitative measure of the quality of wildlife habitats 
and can integrate our understanding of wildlife-habitat 
relationships especially at landscape scales (Larson et al. 
2003).  In addition, process-oriented and empirical HSI 
models are commonly used to assess wildlife-habitat 
relationships (Dettki et al. 2003).  Process-oriented 
models assess plausible causal relationships to provide 
a general conceptual framework; whereas empirical 
models analyze data on habitat characteristics collected 
at specific sites (Thapa et al. 2014). 

For this paper we adopted a process-oriented 
approach to develop a heuristic HSI model for the 
Red-cockaded Woodpecker.  This approach is based 
on a literature review (U.S. Fish and Wildlife Service’s 
HSI models), field observations (ground-truth) and 
geographic data obtained from topographic maps (scale 
1:24000, USGS).  An HSI is based on a set of functional 
relationships between habitat suitability (expressed as a 
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dimensionless index or score) and habitat requirements 
(variables).  These variables are selected according to 
their relevance to the organism; for example herbaceous 
canopy cover, tree canopy cover, tree height, tree age 
and proximity to water.  There is a partial suitability for 
each variable, which scales from 0 (unsuitable habitat) 
to 1 (optimum habitat).  The overall HSI, which also 
scales from 0 to 1, is calculated with a formula that 
represents hypothetical relationships between partial 
suitability indices.  GIS provides a tool to synthesize 
habitat data derived from remotely sensed sources 
together with databases of elevation, soil types, land 
use, and land cover.  Thus GIS can be coupled with 
remote sensing to calculate HSI over relatively large 
geographic areas, and incorporate landscape variables 
at multiple spatial scales. We also demonstrate the 
use of GIS and remote sensing to collect or prepare 
data for habitat fragmentation study by using software 
called FRAGSTATS, which is a computational program 
designed to calculate a wide array of landscape metrics 
from categorical maps (McGarigal & Marks 1994, 1995; 
McGarigal 2002).  Some of the metrics are commonly 
used to measure and quantify spatial patchiness in 
terms of composition (patch types and abundance) and 
configuration (shape and juxtaposition). These metrics 
represent the percentage of fragmented habitats, area 
of largest patch, and—most importantly—the area of 
remaining potentially suitable habitat (Girvetz et al. 
2007).

In this paper, we used aforementioned habitat 
characteristics and applied remote sensing, GIS 
and FRAGSTATS techniques to examine abundance, 
distribution and fragmentation of available pine forest 
and provide a possible scenario for re-colonization by 
Red-cockaded Woodpeckers.  We have four scientific 
objectives: (1) to use a Landsat Enhanced Thematic 
Mapper Plus (ETM+) image to develop a land-use/
land-cover map (Laperriere et al. 1980); (2) to develop 
an heuristic GIS-based HSI model and a map for the 
woodpecker; (3) to determine the spatial distribution 
of current potentially suitable habitats; and, (4) to 
illustrate a general methodology for conservation 
cartography and spatial analysis that can be adapted to 
other interior-forest-dwelling avifauna of conservation 
interest.  In addition, we have two policy-oriented 
objectives: (1) to provide a map of potentially suitable 
Red-cockaded Woodpecker habitat that may be 
preserved for (a) existing populations in the region or (b) 
that may serve as sites for establishing new populations 
in the region; and (2) to indicate the most important 
habitat characteristics, such as shape, size, and habitat 

composition for purposes of proactive Red-cockaded 
Woodpecker habitat management in the region.

METHODS

Study Area
The study area is located near the Gulf coastal plains 

of southeastern Texas between the Trinity River to the 
west and the Neches River to the east, around the small 
towns of Kountze, Silsbee, Lumberton and suburbs 
north of Beaumont that adjoins the 39,338ha Big Thicket 
National Preserve (BTNP) (30–31 0N to 94–95 0W) (Fig. 1).  
Over the last five decades the landscape surrounding the 
BTNP has been converted from continuous pine forest 
to a matrix dominated by agriculture, pasture, timber 
plantations and exurban and suburban development 
(Wilcove et al. 1986). As a result the pine forests were 
converted into small patches isolated by a matrix of 
agricultural or other developed lands (Callicott et al. 
2007).  The study area was further subjected to intense 
oil and gas exploration that continues today.  While such 
activities seem to have minimal effects on breeding, 
proximity to roads and vehicular movement does 
affect foraging activities of Red-cockaded Woodpeckers 
(Charles & Howard 1996). Annual precipitation averages 
1350mm (Marks & Harcombe 1981; Callicott et al. 
2007) and is uniformly distributed throughout the year, 
but because of its proximity to the Gulf of Mexico the 
Big Thicket study area experiences a high frequency 
of devastating tropical storms and hurricanes.  Since 
1900, 40 tropical storms and hurricanes have struck 
the Gulf coast, with Rita in 2005 and Ike in 2008 being 
the most recent big storms to hit Texas (NOAA 2008).  
However, these hurricanes did not cause damage in the 
study area as they did in the surrounding counties and 
areas especially near Galveston Bay, Harris and Angelina 
(NOAA 2005; Bainbridge et al. 2011).  Nevertheless, 
hurricanes and other extreme natural disturbances such 
as severe winter can damage large portions of cavity and 
foraging trees, thereby affecting breeding populations of 
Red-cockaded Woodpeckers, which in turn leads to loss 
of genetic diversity (Reed et al. 1988, Bainbridge et al. 
2011).  

The vegetation types of the study area can be 
characterized by both community physiognomy and 
physiographic position. Forests, savannas, and shrub 
thickets are normally combined with important trees 
such as pine, oak, and other hardwoods to characterize 
community physiognomy while upland, slope, floodplain 
and flatland indicates the physiographic position of the 
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Field Data Collection and Vegetation Classification
We collected a total of 287 vegetation GPS points in 

May–June of 2007.  We used a cloud-free Landsat image 
of 2003 to perform supervised classification procedures 
to derive final land use and land cover (LU/LC) categories. 
Supervised methods require the user to define the 
spectral characteristics of known areas of land-use 
types and develop training sites (Thapa et al. 2014). 
The training sites or signature is employed to verify and 
define distinct classes (Jenson 1996).  This is achieved 
either by user’s prior knowledge of the geographic 
features of an area of interest such as identification of 
distinct, homogenous regions that represent each class 
(e.g., water or grass) or by ground-truth data such as 
GPS points, which refers to the acquisition of knowledge 
about the study area from field work, analysis of aerial 
photography, and from personal experience (Conner et 
al. 1975).  Ground-truth data are considered to be the 
most accurate (true) data available about the area of 
study.  They should be collected at the same time as 
the remotely sensed data, so the data corresponds as 
much as possible (Stars & Estes 1990). Furthermore, 
elements of visual interpretations such as color, shape, 
texture and pattern on aerial photos are commonly 
used that provides valuable clue during supervised 
classification.  For example, we employed a texture and 
pattern analysis technique on aerial photos and selected 
pixels in such areas.  With texture and pattern it is easy 
to differentiate naturally growing trees and human 
managed plantations, e.g., coconut and pine plantations. 
We derived seven LU/LC categories (water, urban areas, 
pine forest, pine plantation, mixed forest, grass, and 
cypress forest on floodplain) from the Landsat image 
(Fig. 2).  We classified entire pixels into their designated 
classes according to the vegetation categories found in 
the study area. For example areas with tall pine trees 
were classified as ‘pine trees’, areas with mixed pine 
and oak trees were labeled as ‘mixed forest’, areas of 
floodplain were labeled as ‘cypress trees on sloughs’ and 
so on. GPS locations of each category accompanied with 
aerial and field photos were extensively used during 
classification process.

Accuracy Assessment
It is necessary to assess the accuracy of any thematic 

classification to evaluate its intended application, and 
high accuracy assures consistency and reliability of 
derived landscape metrics (Xulong et al. 2005; Shao & 
Wu 2008).  Several factors related to the sensors as well 
as to the classification process contribute to classification 
errors (Lunetta et al. 1991).  It is also critical to measure 

the quality and accuracy of data used for classification 
(Congalton & Green 1999).  The classification or errors 
are analyzed by a confusion or error matrix, which is also 
called accuracy assessment (Congalton & Green 1999).  
An error matrix or accuracy assessment cell array is a 
table with entries representing the number of sample 
units; i.e., pixels, clusters of pixels, or polygons assigned 
to a specified class relative to the actual class found on 
the ground (Congalton 1991).  Rows contain a list of 
class values for the pixels in the classified image file and 
columns represent class values for the corresponding 
reference pixels, determined by input from the user 
collected from sources such as aerial photographs, 
GPS points, previously tested maps or other data.  The 
reference class values are compared with the classified 
image class values to assess the accuracy of an image 
classification.  According to Anderson et al. (1976), 
classification accuracy close to 85% is acceptable for a 
LU/LC study.

Several statistical measures of a classified LU/LC 
map can be derived from an error matrix, including 
overall classification accuracy (sum of the diagonal 
elements divided by the total number of sample points), 
categorical omission and commission errors, and the 
KHAT coefficient (an index that measures the agreement 
between reference and classified data i.e., KHAT=1 
when the agreement between reference and classified 
data reach 100%).  A minimum of 204 reference points 
are required to achieve 85% accuracy with an allowable 
error of 5% (Jensen 1996). First we generated about 
300 random (reference) points, and with help of aerial 
photos and with prior knowledge of geographic features 
we assigned values for each random point.  Then 
we compared these reference class values with the 
classified image class values, which gave us an overall 
accuracy of 77.33% with KHAT = 0.7277. Then we used 
GPS locations as reference points and compared them 
with the class values of image files, which produced an 
overall accuracy of 81.48% with KHAT = 0.7449 (Table 
1).  The latter accuracy was deemed acceptable for this 
study because it was within the 5% allowable margin of 
error and was closer to 85%. 

Habitat Suitability Index Models
We computed the HSI value for each pixel of the 

resultant classified image according to the following 
procedure. We selected the pine trees class because this 
habitat is required for successful breeding and foraging.  
We assigned a value of 1 to this class and set all others to 
0, producing a binary map showing pine trees only.  We 
ran neighborhood analysis in ArcGIS, which is a statistic 
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configurations and compositions of a landscape (Doster 
et al. 1998; Thapa et al. 2014).

RESULTS

Image Processing
From a total of 287 GPS points, we used 162 points 

for classification accuracy.  The rest (125) were used 
to classify the image. Use of GPS points and visual 
interpretation of aerial photos proved effective in 
Landsat ETM+ classification and facilitated the process.  
Our results show pine trees and grass have the lowest 
classification accuracy with 74.58% and 75% respectively.  
For pine trees this might be due to insufficient GPS 
points, because we could not gather data from private 
land containing pure stands of old pine trees. For grass 
it is possible to include agricultural lands, a common 
problem with landsat images having 30m resolution.  
In addition, short-grass areas (grazed pastures or 
manicured lawns) and dirt roads had overlapping values 
with other urban areas such as patches of bare soil 
and asphalt roads.  We classified pine plantations with 
90.91% accuracy because they were easily identified 
based on texture and pattern on aerial photos and GPS 
data collected from within plantation areas.  Similarly, 
we classified urban areas with 89.66% accuracy as they 
are also easily identifiable on aerial photos and GPS 
data.  Water pixels were classified with 100% accuracy.  
And it is one of the geographic features that a user can 
accurately classify in remote sensing applications as 
water pixels exhibits the lowest reflectance property 
when examined in a spectral profile.  Profile Tools of 
ERDAS allow the users to examine spectral behavior of 
pixels of different features.  Cypress trees on sloughs 

class was classified with 76.92% accuracy.  Cypress trees 
occur mostly in sloughs of floodplains mixed with oak 
species and several factors such as topographic shadows 
and deep water contributed to the low accuracy of 
this class.  Similar to water, wet sandy banks of creeks, 
streams, rivers, and sloughs have a lower reflectance 
in most bands and they became a source of confusion.  
Statistical analysis of spectral responses or profile from 
training samples, as well as ellipse and dendrogram plots, 
showed a similar reflectance with dark pixels (wet soils, 
black soil, and topographic shadows).  Furthermore, 
vegetated (forest, urban, grass) and non-vegetated 
(water) were spectrally distinct.  In order to redefine, 
refine and improve accuracy, we constantly reduced, 
merged and masked the confused classes. 

Metrics at Patch, Class, and Landscape Levels
We calculated two metrics i.e. area/density/edge 

and connectivity of three different patch types (class) 
or habitat types: very unsuitable, unsuitable and 
potentially suitable (Table 2).  These metrics were used 
to examine composition and configuration of patches 
in the study area (McGarigal et al. 2002).  FRAGSTATS 
provides individual patch properties at three levels: 
patch, class and landscape, but we quantified patch 
properties at class level only because most metrics 
are redundant and provide similar values at patch and 
landscape levels.  For example, total core area (TCA) at 

Table 1. Combination of GPS and random points to assess classification accuracy

Class Name Reference
Totals

Classified
Totals

Number
Correct

Producer’s 
Accuracy, %

User’s 
Accuracy, %

1. Grass 5 4 3 60.00 75.00

2. Pine plantation 13 11 10 76.92 90.91

3. Pine trees 53 59 44 83.02 74.58

4. Urban area 59 58 52 88.14 89.66

5. Cypress trees on sloughs 12 13 10 83.33 76.92

6. Water 1 1 1 100.00 100

7. Mixed forest 19 17 13 68.42 76.47

Totals 162 163 133

Overall Kappa Statistics 0.7449

Overall Accuracy, % 81.48

Area/Density/Edge Metrics
CA/TA = Total Class Area (ha)
PLAND = Percentage of Landscape (%)
NP = Number of patches 
LPI = Largest Patch Index (%)

Connectivity Metrics
COHESION = Patch 
Cohesion Index

Table 2. Two selected FRAGSTATS metrics
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of total landscape occupied by the largest patch.  LPI 
= 0 when the largest patch of the corresponding patch 
type is small and 100 when the largest patch occupies 
the entire landscape.  The largest patch of potentially 
suitable habitat occupies only 0.1–0.42 % of the 
landscape as compared to 30–60 % and 18–40 % for very 
unsuitable and unsuitable habitat types respectively.  
This corroborates the results of CA/TA and PLAND that 
showed presence of small amount of potentially habitat 
types as compared to the other two.

Connectivity is considered a vital element of 
landscape structure, and we used a single connectivity 
metric, COHESION, to observe physical connection 
between patches. COHESION = 0 when patches are less 
connected and approaches 100 when they are more 
connected.  Our analysis showed the potential suitable 
habitat patch type is physically disconnected as indicated 
by 93–96 as compared to the other two habitat types 
with sometimes approaching almost 100 showing they 
are more connected and contiguous.

DISCUSSION

Image Processing
Overall, the LU/LC map derived from satellite imagery 

was satisfactory because categories were adequately 
mapped and resulted only in minor misclassifications.  

The resultant map was refined with spatial masking 
and recoding to achieve acceptable accuracy.  Use of 
aerial photographs and GPS points proved effective 
in improving classification accuracy.  The contrasting 
reflectance of bare areas and vegetation in the visible 
and infrared bands facilitated accurate identification.  
However, accurate delineation of grass from crops and 
shrubs represented a challenge (as in many remote 
sensing studies).  Visual examination of the satellite 
imagery of the study area and field work revealed 
numerous dirt roads crisscrossing the entire landscape.  
Our study area once contained booming oil towns and 
clearly shows signs of human-induced fragmentation.  
Several pipelines, power lines and railroads cut through 
the study area, dissecting the landscape into smaller 
fragments.

GPS locations of different categories or classes proved 
to be the most critical data during LU/LC classification 
of the landsat image in facilitating and enhancing 

Breaks -10% Nominal +10%

Unsuitable Breaks (UB) 0.3 0.333 0.366

Suitable Breaks (SB) 0.599 0.666 0.733

Table 3. Perturbation above and below the nominal break values Table 4. Nine break selections

Breaks 
Selection Habitat Type

1 2 3

1 0-0.3 0.3-0.599 0.599-1

2 0-0.333 0.333-0.599 0.599-1

3 0-0.366 0.366-0.599 0.599-1

4 0-0.3 0.3-0.666 0.666-1

5 0-0.333 0.333-0.666 0.666-1

6 0-0.366 0.366-0.666 0.666-1

7 0-0.3 0.3-0.733 0.733-1

8 0-0.333 0.333-0.733 0.733-1

9 0-0.366 0.366-0.733 0.733-1

Breaks 
Selection

CA/TA (ha) PLAND (%) NP LPI COHESION

Habitat Type Habitat Type Habitat Type Habitat Type Habitat Type

1 2 3 1 2 3 1 2 3 1 2 3 1 2 3

1 23275.08 26919.72 2177.1 44.44 51.40 4.16 261 201 72 29.39 32.26 0.42 99.69 99.82 96.43

2 28629.81 21562.99 2177.1 54.67 41.18 4.16 192 232 72 38.27 22.65 0.42 99.79 99.7 96.43

3 33379.29 16815.51 2177.1 63.73 32.11 4.16 158 247 72 57.24 16.05 0.42 99.91 99.56 96.43

4 23275.08 28163.34 933.48 44.44 53.77 1.78 261 197 67 29.39 34.49 0.17 99.69 99.82 94.18

5 28629.81 22808.61 933.48 54.67 43.55 1.78 192 229 67 38.27 24.78 0.17 99.79 99.70 94.18

6 33379.29 18059.13 933.48 63.73 34.48 1.78 158 243 67 57.24 17.94 0.17 99.91 99.57 94.18

7 23275.08 28752.21 344.61 44.44 54.90 0.66 261 196 28 29.39 35.55 0.1 99.69 99.82 93.07

8 28629.81 23397.48 344.61 54.67 44.67 0.66 192 228 28 38.27 25.76 0.1 99.79 99.70 93.07

9 33379.29 18648 344.61 63.73 35.61 0.66 158 242 28 57.24 18.74 0.1 99.91 99.56 93.07

Table 5. Class metric results



Journal of Threatened Taxa | www.threatenedtaxa.org | 26 January 2016 | 8(1): 8309–8322

Picoides borealis



Journal of Threatened Taxa | www.threatenedtaxa.org | 26 January 2016 | 8(1): 8309–8322

Picoides borealis



Journal of Threatened Taxa | www.threatenedtaxa.org | 26 January 2016 | 8(1): 8309–8322

Picoides borealis

 



Journal of Threatened Taxa | www.threatenedtaxa.org | 26 January 2016 | 8(1): 8309–8322 8321

Habitat quantity of Picoides borealis Thapa & Acevedo

Baker, W.W. (1971). Progress report on life history studies of the Red-
cockaded Woodpecker at Tall Timbers Research Station. Progress 
report on life history studies of the Red-cockaded Woodpecker at 
Tall Timbers Research Station, pp. 44–59. In: Thompson, R.L. (ed.). 
The ecology and management of the Red-cockaded Woodpecker, 
May 26, 1971 - May 27, 1971, Okefenokee National Wildlife Refuge, 
Folkston, GA. U.S. Bureau of Sport Fisheries and Wildlife and Tall 
Timbers Research Station, [Washington, DC].

Bernstein, R. (1983). Image geometry and rectification, pp. 873–922. 
In: Colwell, R.N. (ed.). Manual of Remote Sensing (2nd Edition). 
American Society of Photogrammetry. 

BirdLife International (2013). Leuconotopicus borealis. The IUCN 
Red List of Threatened Species 2013: e.T22681158A49307003. 
Downloaded on 09 January 2016; http://dx.doi.org/10.2305/IUCN.
UK.2013-2.RLTS.T22681158A49307003.en

Callicott, J.B., R. Rozzi, L. Delgado, M. Monticino, M. Acevedo & P. 
Harcombe (2007). Biocomplexity and conservation of biodiversity 
hotspots: three case studies from the Americas. Philosophical 
Transactions of the Royal Society B 362: 321–333.

Campbell, J.B. (1996). Introduction to Remote Sensing. 2nd Edition. The 
Guilford Press, 622pp.

Charles, J.M. & H.E. Howard (1996). Foraging habitat of the Red-
cockaded Woodpecker on the D’Arbonne National Wildlife Refuge, 
Louisiana. Journal of Ornithology 67: 511–518.

Congalton, G.R. (1991). A review of assessing the accuracy of remotely 
sensed data. Remote Sensing of the Environment 37: 35–46.

Congalton, G.R. & K. Green (1999). Assessing the Accuracy of 
Remotely Sensed Data: Principles and Practices. CRC Press, Boca 
Raton, Florida, 137pp.

Conner, R.N. & D.C. Rudolph (1989). Red-cockaded Woodpecker 
colony status and trends on the Angelina, Davy Crockett, and Sabine 
National Forests. Res. Pap. SO-250, U.S.D.A. Forest Service, 15pp.

Conner, R.N. & D.C. Rudolph (1991). Forest habitat loss, fragmentation, 
and Red-cockaded Woodpecker population. Wilson Bulletin 103: 
446–457.

Conner, R.N., D. Saenz & D. C. Rudolph (2004). The Red-cockaded 
Woodpecker: Interactions with fire, snags, fungi, rat snakes and 
Pileated awoodpeckers. Texas Journal of Science 56: 415–426.

Conner, R.N. (1981). Fire and cavity nesters, pp. 61–65. In: Wood, 
G.W. (ed.). Prescribed Fire and Wildlife in Southern Forests. Belle W. 
Baruch Forest Science Institute of Clemson University, Georgetown, 
South Carolina, USA.

Conner, R.N., R.G. Hooper, H.S. Crawford & H.S. Mosby (1975). 
Woodpecker nestling habitat in cut and uncut woodlands in Virginia. 
Journal of Wildlife Management 39: 144–150.

Conner, R.N. & B.A. Locke (1982). Fungi and Red-cockaded 
Woodpecker cavity trees. Wildlife Society Bulletin 94: 64–70.

Conner, R.N., O.K. Miller & C.S. Adkisson (1976). Woodpecker 
dependence on trees infected by fungal heart rots. Wildlife Society 
Bulletin 88: 575–581.

Conner, R.N. & D.C. Rudolph (1991). Effects of midstory reduction and 
thinning in Red-cockaded Woodpecker cavity tree clusters. Wildlife 
Society Bulletin 19: 63–66.

Conner, R.N. & D.C. Rudolph (1995). Red-Cockaded Woodpecker 
population trends and management on Texas National Forests. 
Journal of Field Ornithology 66(1): 140–151.

Conner, R.N., D.C. Rudolph, D. Saenz & R.R. Schaefer (1994). 
Heartwood, sapwood, and fungal decay associated with Red-
cockaded Woodpecker cavity trees. Journal of Wildlife Management 
58: 728–734.

Dale, V.H., S.M. Pearson, H.L. Oferman & R.V. O’Neill (1994). Relating 
patterns of land-use change to faunal biodiversity in the central 
Amazon. Conservation Biology 8: 1027–1036.

Dettki, H., R. Lofstran & L. Edenius (2003). Modeling habitat suitability 
for Moose in coastal northern Sweden: Empirical vs. Process-
oriented Approaches. Royal Swedish Academy of Sciences. Ambio 
8(32): 549–556.

DeLotelle, R.S., R.J. Epting & R.J. Newman (1987). Habitat use and 
territory characteristics of Red-cockaded Woodpeckers in Central 

Florida. Wilson Bulletin 99: 201–217. 
Dickman, C.R. (1987). Habitat fragmentation and vertebrate species 

richness in an urban environment. Journal of Applied Ecology 24: 
337–351.

Doster, R.H. & D.A. James (1998). Home-range size and foraging 
habitat of Red-cockaded Woodpeckers in the Ouachita Mountains 
in Arkansas. Wilson Bulletin 110: 110–117.

Engstrom, R.T. & F.J. Sanders (1997). Red-cockaded Woodpecker 
foraging ecology in an old-growth longleaf pine forest. Wilson 
Bulletin 109: 203–217.

Ertep, S.A. & G.W. Lee (1994). Use of GRASS to facilitate Red-cockaded 
Woodpecker management at Fort Benning Military Reservation, 
pp. 628–633. In: 1994 Annual Conference Proceedings, Urban and 
Regional Information Systems Association, Washington, D.C., USA.

Ferrel, D.P. (1998). Habitat quality and the performance of Red-
cockaded Woodpecker groups in the South Carolina Sand Hills. MS 
Thesis. Department of Forest Resources. Clemson University, 86pp.

Franzreb, K.E. (2006). Implications of home-range estimation in the 
management of Red-cockaded Woodpeckers in South Carolina. 
Forest Ecology and Management 228: 274–284.

Girvetz, E.H. & S.E. Greco (2007). How to define a patch: a spatial 
model for hierarchically delineating organism-specific patches. 
Landscape Ecology 22: 1131–1142.

Hedrick, L.D., R.G. Hooper, D.L. Krusac & J.M. Dabney (1998). 
Silvicultural systems and Red-cockaded Woodpecker management: 
another perspective. Wildlife Society Bulletin 26: 138–147.

Hooper, R.G., A.F. Robinson & J.A. Jackson (1980). The Red-cockaded 
Woodpecker: Notes on life history and management. USDA Forest 
Service, General Report SA-GR 9.

Hooper, R.G., L.J. Niles, R.F. Harlow & G.W. Wood (1982). Home 
ranges of Red-cockaded Woodpeckers in coastal South Carolina. The 
Auk 99: 675–682.

Hooper, R.G. (1988). Longleaf pines used for cavities by Red-cockaded 
Woodpeckers. Journal of Wildlife Management 52: 392–398.

Jackson, J.A. (1994). Red-cockaded Woodpecker. Birds of North 
America 85: 1–20.

Jensen, J. (1996). Introductory Digital Image Processing: A Remote 
Sensing Perspective. Prentice-Hall, New Jersey.

Kotliar, N.B. & J.A. Weins (1990). Multiple scales of patchiness 
and patch structure - a hierarchical framework for the study of 
heterogeneity. Oikos 59: 253–260.

Laperriere, J.A., P.C. Lent, W.C. Gassaway & F.A. Nodler (1980). Use 
of Landsat data for moose-habitat analysis in Alaska. Journal of 
Wildlife Management 44: 881–887.

Larson, M.A., D.D. William, F.R. Thompson & J.J. Millspaugh (2003). 
Landscape-level habitat suitability models for twelve wildlife 
species in southern Missouri. Forest Service U. S. Department of 
Agriculture.

Lunetta, R.S., R.G. Congalton, L.K. Fenstermaker, J.R. Jensen, K.C. 
McGwire & L.R. Tinney (1991). Remote sensing and geographic 
information system data integration: Error sources and research 
issues. Photogrammetric Engineering & Remote Sensing 57: 677–
687.

Luiz, A.B.J. & G.J. Garcia (1997). A study of habitat fragmentation 
in southeastern Brazil using remote sensing and geographic 
information systems (GIS). Forest Ecology and Management 98: 
35–47.

Marks, P.L. & P.A. Harcombe (1981). Forest vegetation of the Big 
Thicket, southeast Texas. Ecological Monographs 51: 287–305.

McGarigal, K. & B.J. Marks (1994). FRAGSTATS: spatial pattern 
analysis program for quantifying landscape structure. United States 
Department of Agriculture.

McGarigal, K. & B.J. Marks (1995). FRAGSTATS: spatial pattern analysis 
program for quantifying landscape structure. USDA Forest Service 
Technical Reports. PNW-351.

McGarigal, K. (2002). Landscape pattern metrics. Enclyopedia of 
Environmetrics 2: 1135–1142.

McGarigal, K., S.A. Cushman, M.C. Neel & E. Ene (2002). FRAGSTATS: 
Spatial Pattern Analysis Program for Categorical Maps. Department 

http://dx.doi.org/10.2305/IUCN.UK.2013-2.RLTS.T22681158A49307003.en


Journal of Threatened Taxa | www.threatenedtaxa.org | 26 January 2016 | 8(1): 8309–83228322

Habitat quantity of Picoides borealis Thapa & Acevedo

of Natural Resources Conservation, University of Massachusetts, 
304 Holdsworth Natural resources Center, Box 34210, Amherst, MA 
01003. Available from http://www.umass.edu/laneco/research/
fragstats_documents.html (accessed March 2007).

NOAA (2008). National Oceanic and Atmospheric Administration. 
http://www.ncdc.noaa.gov/oa/climate/research (assessed January 
2009).

Pearson, S.M., M.G. Turner, R.H. Gardner & R.V. O’Neill (1996). An 
organism-based perspective of habitat fragmentation, pp. 77–95. 
In: Szaro, R.C. & D.W. Johnston (eds.). Biodiversity in Managed 
Landscapes: Theory and Practice. Oxford University Press, New York.

Reed, J.M., P.D. Doerr & J.R. Walters (1988). Minimum Viable 
Population Size of Red-cockaded Woodpecker. The Journal of 
Wildlife Management 52: 385–391.

Santos, M.J., J.A. Greenberg & S.L. Ustin (2010). Using hyperspectral 
remote sensing to detect and quantify southeastern pine 
senescence effects in Red-cockaded Woodpecker (Picoides borealis) 
habitat. Remote Sensing of Environment 114: 1242–1250.

Shao, G. & J. Wu (2008). On the accuracy of landscape pattern analysis 
using remote sensing data. Landscape Ecology 23: 505–511.

Star, J. & J. Estes (1990). Geographic Information Systems: An 
Introduction. Englewood Cliffs, Prentice-Hall, New Jersey.

Thapa, V. (2014). An analysis of One-horned Rhinoceros (Rhinoceros 
unicornis) habitat at the Chitwan National Park, Nepal. Journal of 
Threatened Taxa 6(10): 6313–6325; http://dx.doi.org/10.11609/
JoTT.o3698.6313-25 

Thomlinson, J.R. (1993). Landscape ecological characteristics of habitat 
of the Red-cockaded Woodpecker (Picoides borealis). Dissertation, 
University of North Texas, Denton.

USFWS (2005). United States Fish and Wildlife Services. Red-cockaded 
Woodpecker (Picoides borealis). Northeast Region, U.S. Fish and 
Wildlife Service, 300 Westgate Center Drive, Hadley, MA 01035. 
Available from http://www.northeast.fws.org (accessed December 
2007).

USFWS (2010). United States Fish and Wildlife Services. Red-cockaded 
Woodpecker recovery. Available from http://www.fws.gov/
rcwrecovery/rcw.html (accessed June 2010). 

Walters, J.R., S.J. Daniels, J.H. Carter & P.D. Doerr (2002). Defining 
quality of Red-cockaded Woodpecker foraging habitat based on 
habitat use and fitness. Journal of Wildlife Management 66: 1064–
1082.

Wilcove, D.S., C.H. McClellan & A.P. Dobson (1986). Habitat 
fragmentation in the temperate zone. Conservation Biology: the 
science of scarcity and diversity. Sinauer Associates, Sunderland, 
MA, pp.237–256.

With, K.A. & T.O. Christ (1995). Critical thresholds in species’ responses 
to landscape structure. Ecology 76: 2446–2459.

Wood, D.R., F.J. Villela & L.W. Burger Jr. (2008). Red-cockaded 
Woodpecker home range use and microhabitat selection in a 
loblolly-shortleaf pine forest. The Wilson Journal of Ornithology 
120(4): 793–800; http://dx.doi.org/10.1676/04-068.1 

Xulong, L., H. Chunyang, P. Yaozhong, Y. Mingchaun & Z. Jinshui (2005). 
Accuracy Assessment of Thematic Classification based on Point and 
Polygon Sampling Units, Key laboratory of Environmental Change 
and Natural Disaster of Ministry of Education of China. College of 
Resources Science & Technology, Beijing Normal University, Beijing, 
China, 100875.

Threatened Taxa

http://dx.doi.org/10.1676/04-068.1
http://dx.doi.org/10.11609/JoTT.o3698.6313-25




All articles published in the Journal of Threatened Taxa are registered under Cre-
ative Commons Attribution 4.0 International License unless otherwise mentioned. 
JoTT allows unrestricted use of articles in any medium, reproduction and distribution 
by providing adequate credit to the authors and the source of publication.

January 2016 | Vol. 8 | No. 1 | Pages: 8309–8420
Date of Publication: 26 January 2016 (Online & Print)

DOI: 10.11609/jott.2016.8.1.8309-8420
www.threatenedtaxa.org

ISSN 0974-7907 (Online); ISSN 0974-7893 (Print)

OPEN ACCESS

Threatened Taxa

Article

Habitat quantity of Red-cockaded Woodpecker Picoides 
borealis (Aves: Piciformes: Picidae) in its former historic 
landscape near the Big Thicket National Preserve, Texas, USA
-- Vivek Thapa & Miguel F. Acevedo, Pp. 8309–8322

Communications

The conservation status of the Fishing Cat Prionailurus 
viverrinus Bennett, 1833 (Carnivora: Felidae) In Koshi Tappu 
Wildlife Reserve, Nepal
-- Iain Rothie Taylor, Hem Sagar Baral, Prava Pandey & Prativa 
Kaspal, Pp. 8323–8332

Avifauna of Chamba District, Himachal Pradesh, India with 
emphasis on Kalatop-Khajjiar Wildlife Sanctuary and its 
surroundings
-- Tariq Ahmed Shah, Vishal Ahuja, Martina Anandam & 
Chelmala Srinivasulu, Pp. 8333–8357
  
Status and population of vultures in Moyar Valley, southern 
India
-- R. Venkitachalam & S. Senthilnathan, Pp. 8358–8364

Short Communications

First record of Scotophilus kuhlii Leach, 1821 (Chiroptera: 
Vespertilionidae) from Nepal
-- Dibya Dahal, Sanjan Thapa & Khadga Basnet, Pp. 8365–8368

Avifaunal diversity in Assam University Campus, Silchar, 
India
-- Biswajit Chakdar, Parthankar Choudhury & Hilloljyoti Singha, 
Pp. 8369–8378

New locality record of the Travancore Bush Frog Raorchestes 
travancoricus Boulenger, 1891 (Amphibia: Anura: 
Rhacophoridae) from Periyar Tiger Reserve, Kerala, India
-- K.P. Rajkumar, T.S. Prasad, Sandeep Das, R. Sreehari, P.S. 
Easa & K.A. Sreejith, Pp. 8379–8382

Descriptions of four new species of Dicopomorpha Ogloblin 
(Hymenoptera: Chalcidoidea: Mymaridae) from India with a 
key to Indian species
-- A. Rameshkumar & S. Manickavasagam, Pp. 8383–8388

Taxonomic studies on Acridinae (Orthoptera: Acridoidea: 
Acrididae) from the northeastern states of India
-- Mohammed Imran Khan & Mohammed Kamil Usmani, 
Pp. 8389–8397
 
Magnolia lanuginosa (Wall.) Figlar & Noot. in West Khasi 
Hills of Meghalaya, northeastern India: re-collection and 
implications for conservation
-- Aabid Hussain Mir, Viheno Iralu, Ngakhainii Trune Pao, 
Gunjana Chaudhury, Clarence G. Khonglah, K.L. Chaudhary, 
B.K. Tiwari & Krishna Upadhaya, Pp. 8398–8402

Three species of Phallus (Basidiomycota: Agaricomycetes: 
Phallaceae) from Jammu & Kashmir, India
-- Harpreet Kour, Rigzin Yangdol, Sanjeev Kumar & Yash Pal 
Sharma, Pp. 8403–8409

Notes

Dusky Warbler Phylloscopus fuscatus (Aves: Passeriformes: 
Sylviidae) in Sanjay Gandhi National Park, Maharashtra - 
a rare record for peninsular India
-- Parvish Pandya, Vikrant Choursiya & Jyoti James, Pp. 8410–
8411

Oberonia mucronata (D. Don) Ormerod & Seidenf. 
(Orchidaceae), new addition to the flora of Gujarat, India
-- Mital R. Bhatt & Padamnabhi S. Nagar, Pp. 8412–8414

Response & Reply

Comments on the list of marine mammals from Kerala 
-- R.P. Kumarran, Pp. 8415–8416

Checklist of Marine Mammals of Kerala - a reply to 
Kumarran (2016) and the updated Checklist of Marine 
Mammals of Kerala
-- P.O. Nameer, Pp. 8417–8420
 




